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ABSTRACT
We provide evidence that following bad acquisitions, firms learn and effect changes to avoid
repeating their mistakes. While theories of organizational learning postulate that firms should
learn from the bad acquisitions, such learning may not occur if agency costs or self-attribution
biases predominate. We define a bad acquisition when the acquirer reports a goodwill
impairment loss. We find that acquirers make more prudent choices, exhibit greater operational
improvements, and gain 1.8% more in shareholder returns on announcement when an acquisition
follows a bad one than otherwise. Our results cannot be explained by endogeneity of goodwill
impairment and are robust to using announcement return to proxy failure.
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1. INTRODUCTION
We study whether firms learn from their bad acquisitions. Studying this question is
important for several reasons. First, mergers and acquisitions (M&A) not only require large
investments but also impact shareholder value significantly (Fuller, Netter, and Stegemoller,
2002; Moeller, Schlingemann, and Stulz, 2005). Second, an extensive literature in M&A has
documented that acquiring firms, on average, do not create shareholder value (see Andrade,
Mitchell, and Stafford 2001 among others). Third, serial acquirers are ubiquitous among firms
undertaking M&A (Fuller, Netter, and Stegemoller 2002). In fact, when compared to sporadic
acquirers, serial acquirers are more likely to destroy shareholder value by undertaking
acquisitions that lose more than $1 billion (Moeller, Schlingemann, and Stulz 2005). Therefore,
shareholders and corporate governance activists would naturally want to know whether or not
acquirers learn from their bad acquisitions?
We hypothesize that firms undertaking bad acquisitions in the past avoid repeating their
mistakes subsequently. Theories of organizational learning (for example, see Cyert and March,
1963; Levitt and March, 1988; and Greve, 2003) emphasize the role of prior outcomes on a
firm's future behavior. Sitkin (1996) argues that learning from prior failures can help firms avoid
future failures because failure leads to recognition of risk, which motivates change that would
otherwise not manifest. Recent finance literature also shows that past experiences of CEOs may
affect future corporate policies (see Graham, Harvey, and Puri, 2013; Benmelech and Frydman,
2014; Bernile, Bhagwat, and Rau, 2014; Gormley and Matsa, 2014; Jenter and Lewellen, 2015).
Anecdotal evidence also suggests that firms learn from their past M&A failures.1
1

“My experience is that we learn much more from failure than we do from success… Both innovation and
acquisition are risky and have high failure rates... We studied the failures in detail. We pinpointed the problems and
discovered patterns in our mistakes.” — A.G. Lafley, Chairman and CEO of P&G responding to Karen Dillon,
Harvard Business Review.
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However, firms may not necessarily change acquisition policies after failures. First,
entrenched managers often undertake bad acquisitions (Jensen, 1986; Masulis, Wang, and Xie,
2007; Harford, Humphery-Jenner, and Powell, 2012). Managers afflicted by hubris undertake
bad acquisitions as well (Roll, 1986). Thus, acquirers may be condemned to repeating their past
mistakes if the acquisitions were driven by agency costs. Second, firms may blame external
factors or bad luck for bad outcomes; such self-attribution bias has been known to affect investor
returns (Fama, 1998; Daniel, Hirshleifer, and Subrahmanyam, 1998; Coval and Shumway,
2005). Whether or not firms change their acquisition policy after bad acquisitions is therefore
interesting to study from an empirical point of view.
We test our predictions using a large sample of 10,298 completed acquisitions made by
publicly listed acquirers in the U.S. In order to study learning from failed acquisitions, we must
proxy failure that stems from factors that are specific to the (acquirer, time of failure) pair, and
where managers acknowledge the failure. Acquisitions that fail for exogenous reasons are
unlikely to lead to any learning because managers would attribute such failures to external
factors. Therefore, our question cannot be studied using an instrumental variable or an
exogenous shock.
Following Gu and Lev (2011), we use the recognition of a goodwill impairment (GWI)
loss to proxy organizational learning following a bad acquisition. First, Gu and Lev (2011)
attribute GWI to overpayment stemming from over-estimation of merger synergies. Thus, GWI
captures failure that is driven by factors that are specific to the (acquirer, time of failure) pair.
Second, they highlight that GWI represents managerial self-acknowledgement of a failed
merger.2 Given self-attribution biases, the firm and/or the manager are unlikely to learn from a
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Managers may often attribute GWI to external macro-economic factors in the disclosures in annual statements,
which is not surprising given the general tendency to attribute failures to external factors.
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failed merger if they do not acknowledge the failure in the first place. Finally, Gu and Lev
(2011) show that sufficient time elapses between the time when a firm makes an acquisition and
the time when the firm finally acknowledges that the acquisition was bad, by incurring an
impairment loss. During this time, a firm can learn from past failures to reformulate strategies for
its subsequent acquisitions. We recognize that GWI may be driven by external factors as well.
Therefore, in our empirical design, we control for external macroeconomic and industry-level
factors that might drive GWI by including year and industry fixed effects. Thus, we capture GWI
that can be reasonably attributed to firm-specific events. In this manner, we use GWI to proxy
the necessary (though not sufficient) preconditions for learning following a failed
merger/acquisition.
We compare the acquisition performance, overpayment, target selection, deal
characteristics, and the quality of due diligence for acquisitions that follow bad ones. For this
purpose, we define an acquirer as having undertaken a bad acquisition previously if it reports a
goodwill impairment loss in any of the three years preceding the current acquisition. Such
acquirers that undertook a bad acquisition in the past form our treatment group and the remaining
acquirers constitute the control group. We employ a three-year window to ensure that (i) the
window is short enough so that experience from past acquisitions is likely to be informative, and
(ii) the time elapsed is long enough for the acquirer to assess whether or not the synergies from
the acquisitions are realizable. In our empirical design, we control for external macroeconomic
and industry factors that might drive GWI by including year and industry fixed effects. Thus, we
capture GWI that can be reasonably attributed to firm specific events. We find that following bad
acquisitions, acquirers undertake acquisitions that perform better on all the traditional measures
of M&A performance.

3

First, we find that acquirers’ shareholders gain 1.8% more on announcement when an
acquisition follows a bad one than otherwise. Second, the acquirers in the treatment group
exhibit greater improvements in ex-post operating performance relative to acquirers in the
control group. With respect to the mechanisms, we find that following bad acquisitions, the
treatment group of acquirers (i) overpay less, (ii) are less likely to undertake a diversifying
acquisition, and (iii) are more likely to acquire a private target but less likely to acquire a public
target. Finally, we find that the number of days between two completed acquisitions is greater for
the treatment group of acquirers, suggesting that following bad acquisitions, acquirers are less
likely to rush into the next acquisition. We interpret this finding as evidence of greater time taken
for due diligence and the prudent approach adopted by the treatment group of acquirers when
compared with the control group of acquirers.
All the above findings remain robust when we include GWI as well as the announcement
returns around the acquirer’s previous deal as an additional proxy for bad acquisitions. In fact, in
the presence of GWI, announcement returns around the acquirer’s previous deal has little power
in explaining learning following bad acquisitions. However, when announcement returns around
the acquirer’s previous deal is used as a substitute (instead of GWI) to proxy merger failure, it
has a statistically and economically significant effect. This finding has significant import in our
context. First, prior research has shown that announcement returns do not capture the full impact
of mergers/acquisitions as long run returns to acquirers are negative and statistically significant
(see Agarwal and Jaffee, 2000 and studies cited therein). GWI explaining learning from bad
acquisitions better than announcement returns is thus consistent with such long-run effects that
are not captured in the short run. Second, using announcement returns around the acquirer’s
previous deal as another proxy for bad acquisitions shows that our results are better explained by
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bad acquisitions and not purely by the recognition of GWI loss. Finally, this evidence shows that
ex-post realization of GWI contains important information about the failure of M&A, which does
not get captured by announcement returns. Thus, this finding also justifies our use of GWI as a
proxy for bad merger/acquisition. Overall, we infer that past failures significantly affect how
acquirers undertake their future acquisitions.
We then examine the cross-sectional differences in the impact of past failures on future
acquisition performance. We hypothesize that the effect of such learning should be greater when
the incentives are more pronounced. First, we argue that in the presence of weak internal and
external governance mechanisms, managers have little or no incentive to take corrective actions
to minimize the chances of repeating their mistakes. Accordingly, we find that, following bad
acquisitions, the announcement returns are lower for the treatment group of acquirers having a
classified board or a high entrenchment index (as in Bebchuk, Cohen, and Ferell, 2009) when
compared with

similar acquirers without a classified board or a low entrenchment index

respectively. Second, we postulate that the potential benefits from changes in the acquisition
policy are greater for prolific acquirers when compared with that for sporadic acquirers. We
define prolific acquirers as those serial acquirers that undertake two or more acquisitions during
a three-year window. Consistent with our hypothesis, we find that, following bad acquisitions,
the announcement returns are greater for prolific acquirers when compared with sporadic
acquirers. Finally, we expect that past failures will impact future acquisitions policies
disproportionately more when the same CEO continues. Accordingly, we find that the
announcement returns are significantly higher in subsequent acquisitions when the same CEO
continues after the bad acquisition than when the CEO leaves after the bad acquisition.

5

The choice of goodwill impairment loss to proxy bad acquisitions raises some concerns,
which we alleviate in our empirical analysis. Specifically, the impairment testing process is
highly subjective in nature. Moreover, managerial motivations can influence the decision to
record a goodwill impairment loss (Beatty and Weber 2006; Ramanna and Watts 2012). The
possible endogeneity of goodwill impairment loss can potentially affect the causal inferences that
we can draw. We address possible endogeneity concerns arising due to (i) unobserved firm and
CEO characteristics affecting both the acquirers’ decision to record a goodwill impairment loss
as well as the decision to avoid repeating past mistakes, or (ii) survivor bias. We find that the
magnitude of bias arising due to potential endogeneity is insignificant. Finally, we also show that
our results cannot be explained by (i) mean reversion in acquirer's announcement returns, (ii)
acquirer's overvaluation that might have led to the goodwill impairment, or (iii) differences in
executive compensation. Taken together, the most plausible explanation for all our findings is
that firms learn from bad acquisitions and take actions to minimize chances of repeating past
mistakes.
We contribute to the literature on learning from M&A transactions. The strategy
literature pertaining to learning in an M&A provides mixed evidence (Barkema and Schijven,
2008). Moreover, the evidence is obtained largely using case studies or is focused on a small set
of industries with relatively few observations (Hayward, 2002). Some finance studies argue that
acquirers learn from completed transactions because of “learning by doing” (e.g. Aktas et al.,
2009, 2011 and 2012). Others argue that managerial hubris grows with each successful deal,
which then prevents learning (Roll, 1986; Billet and Qian, 2008). This, in turn, leads to the welldocumented declining trend in acquirer announcement returns (Fuller, Netter, and Stegemoller,
2002; Billet and Qian, 2008). We contribute to this literature by providing (large sample)
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evidence of learning from failure, as seen in acquisition performance, overpayment, target
selection, deal characteristics, and the quality of due diligence for acquisitions that follow bad
ones. The comprehensive nature of learning from failure that we document differs from learning
by doing focused on the bidding phase of the acquisition as in Aktas et al. (2009, 2011, and
2012).
Our paper also contributes to the accounting literature examining the economic
consequences of financial reporting, especially the effect of accounting information on the
efficient allocation of capital (e.g., Biddle and Hilary, 2006; McNichols and Stubben, 2008;
Biddle, Hilary, and Verdi, 2009; Francis and Martin, 2010). Collectively, these studies show that
financial reporting quality improves the efficiency of investments by reducing information
asymmetry and agency costs. We add to this literature by identifying another channel through
which financial reporting affects investment efficiency: learning from failures. Our results
suggest that the recognition of goodwill impairment loss prompts firms to become more prudent
and undertake those acquisitions in future that generate higher returns.
The paper is organized as follows. Section 2 explains the use of goodwill impairment loss
to proxy bad acquisitions. Section 3 describes the sample and data. Section 4 presents the main
results. Section 5 presents the results on the cross-sectional differences in the effect of learning.
Section 6 shows tests to alleviate various econometric concerns. Section 7 concludes.

2. GOODWILL IMPAIRMENT AS A PROXY FOR BAD ACQUISITIONS
In this section, we explain goodwill impairment loss as a proxy for a bad acquisition.
Following ASC Topic 810: Consolidations, an acquiring firm assigns the fair value of the
consideration given to the acquired firm’s identifiable net assets at the acquisition date. If the
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value of consideration exceeds the fair value of acquirer’s identifiable net assets, the difference is
recorded as goodwill. Such goodwill is allocated to one or more reporting units. This goodwill
represents the expectation about benefits arising due to merger synergies in the future.
Subsequent to an acquisition, following ASC Topic 350, goodwill is tested for
impairment, at least annually, using a two-step procedure. The first step tests whether goodwill is
impaired or not. Goodwill is considered impaired if the book value of the reporting unit’s net
assets (including allocated goodwill) exceeds its fair value. In the second step, the impairment
charge is determined as the difference between the goodwill recorded on the balance sheet and
the implied goodwill, where the implied goodwill is the difference between the fair value of the
reporting unit as a whole (established in step 1) and the identifiable net assets (excluding
goodwill) assigned to that reporting unit. The recognition of a goodwill impairment loss signals
that a merger has failed to achieve its expected synergies (Gu and Lev, 2011; Li, Shroff,
Venkataraman, and Zhang, 2011; Ramanna and Watts, 2012).
As already explained in the introduction, GWI enables us to proxy firm-level learning
from bad acquisitions. In our empirical design, we control for external macroeconomic and
industry factors that might drive GWI by including year and industry fixed effects. Thus, the
residual GWI after controlling for industry and year can be reasonably attributed to firm specific
events. The validity of using the recognition of goodwill impairment loss as a proxy for bad
acquisition can, however, be challenged on four grounds. First, managers often highlight the
non-cash nature of goodwill impairment loss and portray it as an accounting entry with no real
economic substance. However, Li, Shroff, Venkataraman, and Zhang (2011) document a
significant negative market reaction to the announcement of goodwill impairment loss
suggesting that such announcements reveal management’s private information about the firm’s
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future prospects. Gu and Lev (2011) and Li, Shroff, Venkataraman, and Zhang (2011) also
document long run negative returns following goodwill impairments.
Second, many academics and practitioners argue that when a firm’s shares are
overpriced, it is optimal for the firm to use its stock to overpay for a target, as long as the
overpayment is smaller than the overpricing of the acquirer’s share. Thus, subsequent goodwill
impairment is an expected reversal of the acquirer’s stock overvaluation, and does not
necessarily mean that the acquisition causing the impairment was a bad decision. Fu, Lin, and
Officer (2013) contend the notion that overvalued firms can create value for shareholders if they
exploit their overvaluation by using their stock as currency to purchase less overvalued firms.
They find that such acquisitions are concentrated among acquirers experiencing severe problems
relating to corporate governance. They also argue that CEO compensation, and not shareholder
value creation, remains the main motive behind acquisitions by overvalued acquirers. Similarly,
Gu and Lev (2011) show that acquisitions by overvalued acquirers often involve overpayment
related to targets that are strategic misfits. Post-acquisition returns for such buyers are negative
and cannot be explained merely by reversal of overpricing. They conclude “managers’ claims
notwithstanding, goodwill impairment write-off is an important event highlighting dysfunctional
investment strategy.”
Third, if goodwill impairment loss relates to an acquisition that was undertaken long ago,
it will have limited impact on organizational learning (Hayward 2002). However, we do not
expect this to be an issue in our research setting. The strategy literature highlights that postacquisition integration problems arise soon after the acquisition rather than several years after the
acquisition (Datta, 1991; Zollo and Singh, 2004). 3 To examine this issue in our setting, we

3

Anecdotal evidence corroborates the same. For example eBay acquired Skype in 2005 for $2.6 billion with
possible intention to provide a communication platform to buyers and sellers on their auction sites that would
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randomly pick 100 firms that record goodwill impairment loss and read the footnote disclosures
in their annual reports. We could trace the origins of recorded goodwill to a specific acquisition
in the past for about 40 observations and find that on average firms take 2.61 years to record an
impairment loss after completing a bad acquisition.
Finally, managerial motivations can influence the decision to record a goodwill
impairment loss (Beatty and Weber 2006; Ramanna and Watts 2012). Incentives stemming from
managerial compensation may motivate managers to delay recording of goodwill impairment
loss. Further, once goodwill is impaired (which represents a very negative signal), managers may
manage earnings/other accounting measures to ensure that future goodwill impairments are rare.
In other words, despite bad acquisitions, managers may not record goodwill impairment losses.
As will become clear when we explain our empirical strategy, firms that undertook bad
acquisitions but did not report goodwill impairment loss would be part of our control group. If
indeed learning drives our results, then such firms forming a part of our control group stacks the
odds against us finding significant results. One can also argue that managers may accelerate the
recognition of goodwill impairment loss on past acquisitions in order to wash the backlog of
losses and let the profits due to a new acquisition show up. In this scenario, timing of goodwill
impairment loss should have no bearing on announcement returns or ex-post operating
performance of subsequent acquisitions. Moreover, if the recognition of goodwill impairment
loss misclassifies some prior good acquisitions as bad acquisitions, then the bias works against
finding any relationship between goodwill impairment and subsequent acquisition performance.
Overall, we argue that goodwill impairment loss, despite its shortcomings, is a
particularly well suited proxy to capture a bad acquisition and the learning from the same. Never
enhance online shopping experience. However, eBay simply had a hard time working the technology into their
platforms. Failure to meet merger expectations made the fair value of Skype’s assets significantly less and led to a
goodwill impairment loss of $1.4 billion in 2007.
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the less we show our main result using previous deal announcement return as a proxy for bad
acquisition as well. Further in all tests we include both GWI and previous deal CAR together in
the model to capture the short run and long run impact of merger failure on subsequent learning.
In most tests, GWI subsumes the impact of previous deal CAR, rendering the CAR insignificant.
The insignificance of previous deal CAR in the presence of GWI further establishes GWI’s
suitability over CAR as the main proxy for merger failure.

3. DATA AND SAMPLE
The initial sample of acquisitions is drawn from the Thomson One (SDC) database. We
focus on acquisitions announced from 2001 to 2012 by firms listed in the U.S. because SFAS 142
- Goodwill and other Intangible Assets became effective in 2001, and the goodwill impairment
data are sparse before 2001. We require financial data for the acquirer to be available on the
Center for Research in Security Prices (CRSP) and Compustat. Following the prior literature
(Masulis, Wang, and Xie, 2007; Moeller, Schlingemann, and Stulz, 2004), we select acquisitions
for which the deal size is greater than $1 million, the acquirer controls less than 50% of the
target's shares prior to the merger announcement and controls 100% of the target's shares after
the transaction is completed. Since we study whether acquirers change their acquisition policy
after their bad acquisitions, the sample includes only those acquirers that undertake at least two
acquisitions during the sample period. Sample selection, however, is not a concern because about
95% of firms in SDC undertook two or more acquisitions during the period of our study.
Our requirements yield a sample of 10,298 completed U.S. mergers and acquisitions
between 2001 and 2012. For some tests, we also require the data for compensation to be
available on the Execucomp database, and data for delta (pay-performance sensitivity), vega
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(risk-taking incentives), and firm-related wealth (inside equity) to be available on Lalitha
Naveen's website (Coles, Daniel, and Naveen, 2013).
Table 1 reports the summary statistics of the annual acquisition activity by all acquirers.
Acquirer size and deal size are largest in 2010, in which the median size of the acquirer (deal)
equals $1.52 billion ($62 million). The financial crisis of 2008 has a notable impact on the M&A
market and goodwill impairment. The number of acquisitions declined substantially after 2007 as
well. The number of firms reporting goodwill impairment and the size of those impairments was
the largest in 2008.4
We classify an acquirer to be in the treatment group if it reports goodwill impairment in
any of the three years prior to the current M&A transaction. All the remaining acquirers form our
control group. The treatment group of acquirers comprise 7.5% of our sample of 10,298
completed acquisitions made by 2,275 publicly listed firms in the U.S. We chose a three-year
window as it is short enough to ensure that experience from bad acquisitions is still informative,
and is long enough for the acquirer to assess whether or not the synergies from the acquisitions
have been realized. Our findings are, however, robust to a one-year or a five-year window.
Table 2 presents summary statistics for the acquirer in the fiscal year prior to the
acquisition announcement. The statistics are reported for the full sample, the treatment group of
acquirers, and the control group of acquirers. All continuous explanatory variables are
winsorized at top and bottom 1% level to ensure that outliers do not drive our results. However,
the inferences do not change even if we do not winsorize the explanatory variables. We provide
the variable definitions in Appendix A. The treatment group of acquirers is on average larger (i.e.
have higher market capitalization), older and less levered than the control group of acquirers.
4

Since the crisis affects both goodwill impairments and acquisition related dependent variables, we control for its
effect by including year dummies in our regression model. In robustness tests, we perform subsample analyses
where the sample is restricted to the pre-crisis period. The results are similar to those reported in the paper.
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Compared with the control group of acquirers, the treatment group of acquirers has lower growth
opportunities, is less profitable, and has higher analyst coverage. The two groups are similar in
terms of E-index, and classified boards.
Descriptive evidence in Table 2 also suggests that the announcement period returns for
future acquisitions by the treatment group of acquirers are positive. The average (median) threeday abnormal return coinciding with the announcement of an acquisition is 2.2% (1.6%) for the
treatment group of acquirers, while it equals 0.5% (0.2%) for the control group of acquirers.
Subsequent to an acquisition, return on assets (ROA) and cash flow from operations (CFO) for
the treatment group of acquirers improves by 2.6% and 1.3% respectively, while for the control
group of acquirers these measures decline by 1.6% and 0.5% respectively.
With respect to deal characteristics, we observe in Table 2 that the treatment group of
acquirers is less likely to undertake a diversifying acquisition, an investment that is widely
perceived to be value destroying for the acquirer's shareholders (Berger and Ofek, 1995; Lang
and Stulz, 1994; Servaes, 1995). The treatment group of acquirers is more likely to acquire
private targets and subsidiaries, and less likely to acquire public targets. Furthermore, the
treatment group of acquirers is more likely to use cash rather than stock to pay for an acquisition.
Finally, compared with the control group of acquirers, the treatment group of acquirers is less
likely to overpay, and spends more time on due diligence.

4. MAIN RESULTS
4.1.

Announcement returns
We start by conducting an analysis of the initial market response to acquisitions

following a bad acquisition by estimating the following regression:
13

Following Moeller, Schlingemann, and Stulz (2004), we define the dependent variable as
the cumulative abnormal returns CARidt of the acquirer i for deal d in year t, where the CAR is
measured over the three-day event window (-1, +1). The abnormal returns are measured as the
returns in excess of the returns predicted by the market model. The parameters for the market
model are estimated over the (-210, -11) interval using the CRSP value-weighted index to proxy
for market returns. The variable of interest Treatment Acquirerit-1 equals one if the acquirer i
reports goodwill impairment loss in the three years prior to the current M&A transaction d in
year t, and zero otherwise. If indeed past failures prompt a firm to learn and take actions that
reduce the likelihood of failure in future, we expect the coefficient β1 to be positive. In contrast,
acquirers may not learn following a bad acquisition if agency costs and/or self-attribution biases
predominate. In this case, we expect the coefficient β1 to be negative or zero. In all our tests
though we use GWI as the primary proxy for capturing merger failure, we also include the
previous deal CAR as an additional proxy to capture short-term learning. We note that in most
specifications GWI subsumes the impact of the previous deal CAR as the coefficient of previous
deal CAR is statistically indistinguishable from zero. We show in panel B of table 11 that when
we substitute GWI with previous deal CAR as the primary proxy for capturing merger failure,
we find a robust and similar effect for the previous deal CAR. Thus, we conclude that GWI
captures the effect of merger failure in a way that the previous deal CAR does not. Hereafter, we
do not discuss separately the effect of previous deal CAR in all the specifications.
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4.1.1. Control variables
Following Masulis, Wang, and Xie (2007) we control for several acquirer and deal
related factors that might affect the acquirer's announcement returns. The acquirer related factors
include firm size (Moeller, Schlingemann, and Stulz (2004)), leverage (Garvey and Hanka,
1999), free cash flow (Jensen, 1986), Tobin’s Q ratio (proxy for growth), acquirer’s stock run up
(to control for overvaluation), and firm age.
The deal level variables we account for are: target being private (hereafter private target),
target being public (public target), deal financed entirely with cash (all cash deal), deal financed
entirely with stock (all stock deal), relative deal size (deal value divided by bidder’s market
capitalization), deal being a diversifying acquisition (diversifying deal), deal in the high-tech
sector (high-tech deal), deal being a cross-border one (cross-border deal), and clustering of
industry M&A. Moeller, Schlingemann, and Stulz (2004) and Fuller, Netter, and Stegemoller
(2002) argue that acquirer's announcement returns are positively associated with the target being
a private firm.
We control for all cash deals and all stock deals as Eckbo, Giammarino, and Heinkel
(1990) and Eckbo and Thorburn (2000) argue that the association between acquirer's
announcement returns and all cash deals is positive, while that between acquirer's announcement
returns and all stock deals is negative. Furthermore, for regulatory reasons, stock offers are
slower than cash offers (Wansley, Lane, and Yang, 1983). Finally, the use of stock as a method
of payment helps a publicly traded acquirer share the risk of a target’s overvaluation with the
target, resulting in higher announcement returns to the acquirers (Officer, Poulsen, and
Stegemoller, 2007).
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Following Asquith, Bruner, and Mullins (1983), we also control for relative deal size,
which is defined as the deal value divided by bidder’s market capitalization 11 day before the
announcement date. We control for diversifying acquisitions as studies show that risk-averse
managers are driven by self-interest when they engage in diversifying acquisitions and thereby
destroy shareholder value (Amihud and Lev, 1981; Morck, Shleifer, and Vishny, 1990; Shleifer
and Vishny, 1989). However, Villalonga (2004) and Campa and Kedia (2002) show that
diversification does not necessarily lead to lower firm value and sometimes is associated with
higher firm value. We also control for whether the acquirer and the target both belong to the
high-tech industry. Acquirers in these high-tech transactions are more likely to underestimate the
costs and overestimate the synergies generated by the combination (Masulis, Wang, and Xie,
2007). Cross-border deals control for geographical diversification while industry M&A captures
clustering of mergers and thus, proxies for potential competition from other bidders. We also
include the interaction of nature of financing and type of acquisition. We account for industry
effects by including dummy variables for each of the Fama-French 48 industries and secular time
trends using year dummies.
4.1.2. Results
Table 3 presents the regression results. In column 1, consistent with our expectations, we
find that the announcement returns are higher by 1.8% for the treatment group of acquirers than
for the control group of acquirers. The results are robust to acquirer fixed effects. The
coefficients on control variables are largely consistent with the prior literature (e.g., Moeller,
Schlingemann, and Stulz, 2004; Masulis, Wang, and Xie, 2007). Specifically, we find that
acquirer size has a significantly negative effect on acquirer returns. We also find that acquirer's
announcement returns are higher for all cash deals as in Eckbo, Giammarino, and Heinkel (1990)
16

and Eckbo and Thorburn (2000), and lower for acquisitions of public targets, and higher for
acquisition of private targets as in Bradley and Sundaram (2006). We include deal characteristic
in Table 3 as well as in all subsequent tables to make our regression specifications comparable
with those in the prior literature. However, deal characteristics may represent “bad controls” as
they themselves are affected by a prior bad acquisition (Angrist and Pischke, 2008, pg 47). All
our results are robust to excluding deal characteristics.
4.2.

Ex-post operating performance
The announcement return results reflect stock market’s initial assessment of the

acquisition’s effect on the future operating performance of the combined entity. To directly
address the question of whether future acquisitions by the treatment group of acquirers generate
larger synergies than the acquisitions by the control group of acquirers, we examine the longterm operating performance following the acquisition. Specifically, we estimate the following
regression:

Following Francis and Martin (2010), the dependent variable in model (2) equals the
change in operating performance after merger. We use two measures to proxy for change in
operating performance: ∆ROA and ∆CFO. Specifically, ∆ROA is defined as ROAt+3 minus ROAt3,

where ROA equals income before extraordinary items and goodwill impairment, scaled by total

assets, ROAt+3 equals the average ROA measured from year t+1 to t+3, and ROAt-3 is the average
ROA measured from year t-3 to t-1. We calculate ∆CFO following the same approach used in
calculating ∆ROA. The regression also includes firm and deal characteristics (discussed
previously) as control variables. We hypothesize that the treatment group of acquirers would
select targets more prudently during their subsequent acquisitions. Such prudent analysis of
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strategic fit will lead to greater post-merger synergies and hence we expect a positive estimate
for

.
Table 4 presents the regression results. Column 1 the table presents the results for ∆ROA,

while column 2 presents the corresponding results for ∆CFO. Consistent with our expectations,
we find that acquirers in the treatment group of display greater improvements in ex-post
operating performance relative to the control group of acquirers. Specifically, ROA of the
treatment group of acquirers improves by 3.4% (column 1) while CFO improves by 1.5%
(column 3) compared with that of the control group of acquirers. This evidence suggests that past
failure leads firms to select acquisitions that create higher operating synergies. The results are
robust to excluding deal characteristics.
4.3.

Other deal characteristics
In this section, we examine the dimensions along which the future acquisitions made by

the treatment group of acquirers differ from those made by the control group of acquirers.

where αind and αt denote industry and year fixed effects respectively. The dependent variables we
study are overpayment, the nature of the targets acquired, the mode of payment, and the time
taken between two completed acquisitions.
4.3.1. Overpayment
We restrict our sample to publicly traded targets whose stock return data is available in
CRSP. Our proxy for overpayment, Acquisition Premium, equals the CAR for the target from
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day -11 to the delisting date or to day 126 relative to the announcement date.5 CAR is calculated
using the market model estimated over the event window (-210,-11), where day zero corresponds
to the day the merger is announced. CRSP value–weighted return is used as a proxy for the
market return. Following Officer (2003) and Betton, Eckbo, and Thorburn (2008), we control for
acquirer and deal related factors that affect the acquisition premium.
Table 5 shows that after controlling for deal and acquirer characteristics, the treatment
group of acquirers are less likely to overpay when compared with the control group of acquirers.
The acquisition premium for the treatment group of acquirers is 27% lower than the acquisition
premium for the control group of acquirers. The results are robust to inclusion of acquirer fixed
effects, industry fixed effects, and year fixed effects. Many of the control variables are
signiﬁcantly correlated with overpayment. The higher the relative deal size, the lower the
premium paid. Acquirers pay a higher premium in stock deals, which is consistent with the
evidence that stock deals are associated with lower announcement period return. Other firm and
deal characteristics have no significant impact on the acquisition premium.
4.3.2. Propensity to undertake a diversifying acquisition
Next, we use a logit model to estimate the propensity for the treatment group of acquirers
to undertake a diversifying acquisition in the future. The dependent variable Diversify equals one
when the acquirer and the target are not in the same Fama-French 48 industry, and zero
otherwise. We expect a positive association between Diversify and treatment acquirer dummy for
the following reasons. First, an acquirer is likely to have better information about targets within
its own industry than about those outside the industry. Second, diversification typically results in

5

Our results are not sensitive to the choice of proxy to measure overpayment. We get qualitatively similar results if
we use Deal value / EBITDA, Deal value / Sales, or Offer price / Book value reported on SDC database and
previously used by Officer (2007).
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value losses to the acquirers (Berger and Ofek, 1995; Lang and Stulz, 1994; Servaes, 1995).
Hence, if acquirers in the treatment group choose targets more prudently after a bad acquisition
to minimize the chance of a repeat failure, then the propensity to undertake a diversifying
acquisition will be lower.
Following the existing literature, we control for acquirer and deal characteristics that
affect the propensity to diversify. Following Denis, Denis, and Sarin (1997), we control for
acquirer size. Following Denis, Denis, and Sarin (1997) and Chen and Ho (2000), we control for
acquirer age. We include free cash flows, Tobin's Q, stock run-up and leverage as additional
firm-level controls. We also control for relative deal size, M&A activity in the industry, and
dummies for a high-tech deal and for a cross-border deal to ensure that deal characteristics do not
drive the results.
Column 1 of Table 6 presents the results. We find that the treatment group of acquirers'
log odds of undertaking a diversifying acquisition is lower than that of the control group of
acquirers by 45.25%. The evidence suggests that after experiencing bad acquisitions, firms are
less likely to make value-destroying diversifying acquisitions (Berger and Ofek, 1995; Lang and
Stulz, 1994; Servaes, 1995). The coefficient on previous deal CAR is insignificant. Most of the
coefficients on the control variables are consistent with those in the existing studies (Denis,
Denis, and Sarin, 1997; Masulis, Wang, and Xie, 2007). The standard logit models suffer from
the incidental parameter problem in the presence of fixed effects (Neyman and Scott, 1984). To
address the problem, we follow Puri, Steffen, and Rocholl (2011) and use a linear probability
model. All our logit results are robust to using the linear probability model.
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4.3.3. Propensity to acquire a private (public) firm
Next, we use a logit model to estimate target acquirers' propensity to acquire a private or
a public firm in future. Columns 2 and 3 of Table 6 present the results. In column 2, the
dependent variable Private equals one where the target is a private firm, but not a subsidiary, and
zero otherwise. In column 3, the dependent variable Public equals one where the target is a
publicly listed firm, and zero otherwise. Fuller, Netter, and Stegemoller (2002) find that
acquisition of a private target generates more value for acquirers than acquisition of a public
target. After experiencing bad acquisitions, we expect that the treatment group of acquirers
would be more prudent and make acquisitions that are more valuable. Therefore, we expect the
treatment group of acquirers to have a higher propensity to acquire private targets and a lower
propensity to acquire public targets. Consistent with our predictions, we find that log odds of
acquiring a private target is higher for the treatment group of acquirers than for the control group
of acquirers by 24%, while log odds of acquiring a public target is lower for the treatment group
of acquirers than for the control group of acquirers by 23%. The results are robust to using the
linear probability model.
4.3.4. Days elapsed between deals
In Table 7, we examine whether involvement in bad acquisitions affects the number of
days between two consecutive deals undertaken by the same acquirer. Longer time elapsed
between two deals suggests that acquirer might be more stringent in target screening and due
diligence. The dependent variable Days between deals is defined as the number of days between
two consecutive acquisitions announced by the same acquirer. Following the existing literature,
we control for other determinants of days between deals such as acquirer's size, age, leverage,
free cash flow, Tobin's Q.
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We find that the number of days between two successive acquisitions is greater for the
treatment group of acquirers, suggesting that acquirers in the treatment group are less likely to
rush into the next acquisition. Thus, the treatment group of acquirers become more prudent and
take more time for due diligence when compared with the control group of acquirers. Aktas, de
Bodt, and Roll (2011) argue that learning increases with “days between deals” up to a threshold
level of acquisition expertise. However, learning decreases in with “days between deals” after
the threshold of acquisition expertise because acquisition expertise decays if successive
acquisitions are too far apart. Our evidence complements Aktas, de Bodt, and Roll (2011) by
suggesting that the treatment group of acquirers take more time between successive acquisitions,
as the treatment group of acquirers is more likely to possess expertise below the threshold level.
The signs on most of the control variables are also consistent with those in the existing literature.
Overall, the evidence provided in this section suggests that the treatment group of
acquirers learn following their mistakes. They are less likely to overpay, spend more time on due
diligence and more likely to acquire targets that are likely to be profitable, and less likely to
undertake acquisitions that are likely to be unprofitable.

5. CROSS-SECTIONAL DIFFERENCES IN THE EFFECT OF LEARNING
Next, we explore cross-sectional differences in the effect of learning from bad
acquisitions. We expect that the effect of such learning should be greater when the incentives are
more pronounced. First, prolific acquirers employ acquisitions as an important part of their
business strategy. Therefore, we hypothesize that prolific acquirers have greater incentive to
learn from their bad acquisitions when compared to sporadic acquirers. Second, in poorly
governed acquirers, the incentive to learn from bad acquisitions is likely to be dominated by the
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private benefits derived by entrenched managers or managers affected by hubris. This is unlikely
to be the case with acquirers that are governed well. Therefore, we hypothesize that the effect of
learning from bad acquisitions is likely to be higher in acquirers that are governed well when
compared to acquirers that are governed poorly. Finally, CEOs that undertake bad acquisitions
are more likely to be replaced (Lehn and Zhao, 2006). Therefore, a CEO who has overseen a bad
acquisition has greater incentive to learn from the same. Moreover, the learnings imbibed from
the previous bad acquisition are likely to get lost when the CEOs replaced. Therefore, we
hypothesize that the effect of learning is likely to be higher when the acquirer does not
experience CEO turnover.
5.1.

Corporate governance
Theory (Jensen, 1986) as well as empirical work (Masulis, Wang, and Xie, 2007)

suggests that bad acquisitions are often made by entrenched managers, who are more interested
in empire building and self-dealing rather than maximizing shareholders’ wealth. We argue that
strong internal and external governance mechanisms will force the manager to learn and avoid
repeating mistakes. To test our conjecture, we estimate the following regressions:

Models (4) – (5) are extensions of models (1) – (2) with an additional term capturing the
interaction between treatment acquirer dummy and measures for corporate governance. We
classify acquirers with classified board and with higher E-index as those with weak internal
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governance. Classiﬁed board gives more power to management vis-à-vis shareholders (Gompers,
Ishii, Metrick, 2003), while E-index measures managerial entrenchment (Bebchuk, Cohen, and
Ferell, 2009). Since analysts provide important scrutiny over management’s actions (Lang, Lins,
and Miller, 2004), firms with higher analyst following are classified as those with stronger
external governance.
Table 8 reports results from estimating models (4) and (5). Consistent with our
predictions, the coefficients on the interactions of classified board and E-index with treatment
acquirer dummy are negative and significant. Similarly, the coefficient on the interaction of
analyst following with treatment acquirer dummy is positive and significant. The results are
robust to including acquirer fixed effects. The coefficients on the control variables have similar
signs and magnitudes as those in table 5 and table 6. For parsimony, we do not report them in
table 8.
Overall, these results highlight the role played by strong governance mechanisms in
enabling firms to learn and avoid mistakes. Acquirers with higher analyst following, nonclassified board, and lower protection from takeovers are more likely to change their acquisition
policy after bad acquisitions. In contrast, in the presence of weak internal and external
governance mechanisms, managers have little or no incentive to take corrective actions to
minimize chances of repeating the mistakes.6
5.2.

Prolific acquirers versus sporadic acquirers
Next, we explore the cross sectional variation amongst prolific and sporadic acquirers.

We define prolific acquirers as those that undertake two or more acquisitions during a three-year

6

In our sample, corporate governance measures (number of analysts, Eindex, and classified board) have not
significantly changed after goodwill impairment. Hence, change in corporate governance are unlikely to explain
higher CAR after goodwill impairment.
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window. Prolific acquirers have greater opportunities and incentives to undertake corrective
actions following their bad acquisitions. Therefore, we expect prolific acquirers to perform better
in their subsequent acquisitions when compared with sporadic acquirers. We estimate the
following regressions to test the hypothesis:

Models (6) and (7) are extensions of model (1) with an additional term capturing the
interaction between the treatment acquirer dummy and the deal order number (DON represents
the deal order number in the deal sequence for the 3-year window). All other variables remain
the same as in model (1). DOND is a dummy for prolific acquirers and takes a value of 1 if the
firm undertakes at least two acquisitions in a 3-year window. In model (6) and (7), the
coefficient

is the main coefficient of interest to us. It measures the differential impact of a bad

acquisition on prolific acquirers' announcement returns. We expect

to be positive as prolific

acquirers are more likely to learn and avoid repeating mistakes.
Table 9 presents the results. Columns 1 and 2 present the results for model (6), while
columns 3 and 4 report the results for model (7). Most of the coefficients on the control variables
are consistent with those in the existing studies (Masulis, Wang, and Xie, 2007; Fuller, Netter,
and Stegemoller, 2002). Column 1 suggests that for prolific acquirers, the announcement period
return is 0.85% lower when compared with that for sporadic serial acquirers. The evidence is
consistent with the declining trend in acquirer announcement returns documented by Fuller,
Netter, and Stegemoller (2002). Columns 2, 3 and 4 also find a declining trend in the
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announcement returns as documented by Fuller, Netter, and Stegemoller (2002). Billett and Qian
(2008) attribute this declining trend in announcement returns to growing overconfidence. In
contrast, Aktas, de Bodt, and Roll (2009) attribute it to learning. Aktas, de Bodt, and Roll (2009)
argue that as acquirers learn by completing more transactions, they are better able to assess
expected synergies with the next target and thus bid more aggressively to acquire it. This
increases the probability of completing the transaction, but the acquirers end up paying more for
the target, resulting in declining acquirer announcement returns. Ahern (2010) argues that the
declining announcement return is consistent with acquirers maximizing value. In contrast, Klasa
and Stegemoller (2007) argue that declining acquirer announcement return can be attributed to a
time-varying investment opportunity set when available targets are limited.
Crucially, we find that the interaction between the prolific acquirer and treatment
acquirer dummy is positive, suggesting that bad acquisitions mitigate the declining trend in
acquirer announcement returns. Furthermore, we find that the interaction term between the
treatment acquirer dummy and deal order number is positive and 1.59 times the coefficient on
deal order number. This difference is statistically different from zero (F-stat is 7.54), suggesting
that there is an increasing trend in acquirer announcement returns after the acquiring firm learns
from a bad acquisition.
This evidence complements the findings in Fuller, Netter, and Stegemoller (2002), Billett
and Qian (2008) and Aktas, de Bodt, and Roll (2009) by suggesting that bad acquisitions in the
past are followed by acquisitions that generate higher announcement returns subsequently. We
also note that the results are robust to including acquirer fixed effects.
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5.3.

CEO turnover
Lehn and Zhao (2006) find that CEOs undertaking bad acquisitions are often terminated.

Therefore, a CEO who has overseen a bad acquisition has greater incentive to learn from the
same. Moreover, the learnings imbibed from the previous bad acquisition are likely to get lost
when the CEOs replaced. Therefore, we investigate if the effect of learning is likely to be higher
when the acquirer does not experience CEO turnover.
In these tests, we also investigate if time-invariant CEO characteristics affect our results.
If the new CEO is better than the previous one, then the acquirer will make better acquisitions
subsequent to the CEO turnover. Thus, a positive association between announcements returns for
the current deal and prior goodwill impairment may not necessarily imply learning following a
bad acquisition.
Table 10 presents evidence addressing this concern. Column 1 reports the CAR results
for the subsample of acquirers where there has been a CEO turnover in the last 5 years while
column 2 reports the CAR results for the subsample of acquirers where there has been no CEO
turnover in the last 5 years. We find that the announcements returns are higher for the treatment
group of acquirers (when compared with the control group of acquirers) irrespective of whether
the firm experienced CEO turnover in the last five years or not.
Interestingly, the coefficient magnitude in column 2 is about 61% larger than the
coefficient magnitude in column 1, which suggests that acquirers in the treatment group are less
likely to make another mistake when they do not experience CEO turnover than when they do.
To test if this difference is indeed statistically significant, in column 3 we present the CAR
results for the full sample of acquirers. In this specification, we include a dummy for CEO
turnover and interact this dummy with the dummy for the treatment group of acquirers. We find
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that the coefficient of the interaction term is negative and statistically significant, which
highlights that CAR is significantly lower for the treatment group of acquirers that experienced
CEO turnover. Column 4 presents the CAR results for the full sample of acquirers with fixed
effects for each (acquirer, CEO) pair. Therefore, all the variation in column 4 comes from those
set of acquirers where the CEO has not changed. Our evidence is robust to this specification.
Column 5 reports that our results are also robust to including CEO fixed effects.
Therefore, we infer that time-invariant CEO characteristics, such as inherent ability
and/or overconfidence are unlikely to explain our findings. Moreover, as hypothesized, the effect
of learning from bad acquisitions is greater when the same CEO continues than when the firm
experienced a CEO turnover.

6. ALLEVIATING VARIOUS ECONOMETRIC CONCERNS
As discussed earlier, the goodwill impairment testing process is highly subjective in
nature and managerial motivations can influence the decision to record a goodwill impairment
loss. Thus, it is possible that certain unobservable acquirer and/or CEO characteristics are
correlated with both the decision to recognize a goodwill impairment loss and learning following
a bad acquisition. If so, the coefficient estimates for bad acquisition may be affected by omitted
variable bias. An exogenous shock based causal inference is often considered as the best remedy
for endogeneity concerns (Atanasov and Black, 2015). However, this technique does not suit our
research setting because our focus is learning derived from a failure caused by factors specific to
the (acquirer, time of failure) pair. Certain economy/industry level shocks can affect the
propensity of a firm to record goodwill impairment loss. But in such a situation, managers are
likely to attribute failure to external shocks and not learn anything from the failure.
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Hence, to alleviate concerns relating to endogeneity, we undertake two different kinds of
analysis. First, we provide evidence that the magnitude of bias arising due to potential
endogeneity is insignificant. We undertake this analysis, in turn, in two steps. First, we provide
evidence that controlling for time-invariant acquirer and/or CEO characteristics do not alter our
results. Second, we explore various alternative explanations to examine omitted variables at the
(acquirer, time of failure) level that may possibly be correlated with the hypothesized channel.
Second, we show that our results remain unchanged using the cumulative abnormal
return coinciding with the announcement of the previous deal as a proxy for a bad acquisition.
This proxy captures the stock market’s ex-ante assessment of the performance of the deal and
cannot be affected by the subjective factors that may affect the ex-post acknowledgement of the
failure through the goodwill impairment loss.
6.1.

Unobservable acquirer characteristics
It is possible that certain unobservable acquirer characteristics are correlated with both

the decision to recognize a goodwill impairment loss and learning following a bad acquisition.
To examine the bias stemming from unobservable acquirer characteristics, we compare the
specifications that contain acquirer fixed effects vis-à-vis specifications that do not contain the
same. In particular, in table 3, we compare columns (1) and (2). Crucially, the coefficient of the
treatment acquirer dummy remains similar between columns (1) and (2). As Angrist and Pischke
(2008, p. 45) state, the coefficient on the “short” regression equals the coefficient in the “long”
regression plus the bias due to the omitted variable. Thus, we can infer that the omitted variable
bias stemming from acquirer-specific time-invariant factors is small.
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6.2.

Unobservable CEO characteristics
Next, to examine endogeneity stemming from unobservable CEO characteristics, we

compare the specifications that contain CEO fixed effects vis-à-vis specifications that do not
contain the same. In particular, we compare column (1) of table 3 and columns (4) and (5) of
table 10. When we include CEO fixed effects, the coefficient of the dummy for treatment
acquirer remains unchanged. Thus, we can infer that the omitted variable bias stemming from
CEO-specific time-invariant factors do not affect our results either.
6.3.

Earnings management and/or CEO incentives influencing goodwill impairment loss
The goodwill impairment testing process is highly subjective in nature. Once goodwill is

impaired, which sends a very negative signal, managers may undertake earnings management to
ensure that the conditions of the test for goodwill impairment are met. As a result, subsequent
goodwill impairments may be rare not only because of learning to do better deals but also due to
such earnings management. To examine whether omitted factors coinciding with such earnings
management affect subsequent learning, we estimate the following regression:

The definition of the dependent variable and the control variables are the same as in model (1).
Our variable of interest in this model is GWI Count, which represents the frequency of goodwill
impairment loss. Firms with higher GWI Count are likely to be the ones with lower managerial
incentives to avoid reporting goodwill impairment loss. Hence, if indeed, firm’s reluctance to
record goodwill impairment loss affects its ability/intent to learn from bad acquisitions, we
should find a significant coefficient on

. We present the results from estimating equation (8)

in Panel A of Table 11. In column (1)- (3), we consider firms with more than one goodwill
impairment loss during the sample period, one goodwill impairment loss during the sample
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period, and the full sample, respectively. The coefficient
three columns. Our untabulated tests show that
from

in columns (2) and (3). The coefficient

is similar in magnitude across all the

in column (1) is not statistically different
is also insignificant in column (3).

Collectively, these results suggest that the bias arising from unobservable firm/CEO specific
characteristics that may be correlated with both goodwill impairment and learning, does not
significantly affect our inferences.

6.4.

Alternative stock price-based measure of bad acquisitions
To further rule out endogeneity concerns, we classify prior acquisitions as good (or bad)

based on the acquirer CAR for the prior deal, where a negative CAR indicates an initial bad
assessment about the deal by the market. The previous deal CAR is unlikely to be affected by a
firm’s decision to record goodwill impairment loss in the future. We use this alternate proxy to
capture bad acquisitions and estimate the following regression:

The definition of the dependent variable and the control variables are the same as in
model (1). Our proxy for bad acquisitions is CARi,d-1, which is defined as the 3-day
announcement period abnormal return for the previous acquisition. We expect

to be negative.

Panel B of Table 11 presents the regression results. Consistent with the earlier findings, the table
suggests that acquirers with an experience of bad acquisitions effect changes to minimize
repeating their mistakes. For every 1% loss in the prior deal, the current deal generates higher
announcement returns by 0.15%. For additional robustness checks, we define two additional
proxies for bad acquisitions. Deals in which the acquirer's CAR was in the bottom quartile (P25)
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and bottom decile (P10) are classified as bad acquisitions. We also define two proxies for good
acquisitions. The deals in which the acquirer's CAR was in the top quartile (P75) and top decile
(P90) are classified as good acquisitions. We find a positive coefficient on the P25 and P10
dummy, suggesting that our main results are robust to these alternative definitions. We also find
that the coefficient on P75 and P90 is negative. Thus, the evidence in panel A of table 11
buttresses further our claim that learning happens only after bad acquisitions and not otherwise.
6.5.

Survivor bias
Endogeneity can also arise due to possible survivor bias. Firms making bad acquisitions

can be classified in two groups: inherently bad acquirers, and inherently good acquirers that were
unlucky in a given transaction. If inherently bad acquirers drop out of sample because they get
acquired by others (Mitchell and Lehn, 1990), then the observed results have more to do with
inherent quality of acquirers than with learning. Of the 744 unique firms that record goodwill
impairment loss in our sample, 199 firms (about 26%) become targets subsequently. To alleviate
concerns that possible survivor bias explains our results, we re-estimate all our regression models
using a balance panel of firms that exist throughout our sample period. We find that our results
remain qualitatively and quantitatively unchanged. Moreover, we rule out the possibility that
acquirer's time-invariant characteristics affect our results because our results are robust to the
inclusion of firm fixed effects. Thus, we conclude that our results are robust concerns about
survivor bias.
6.6.

Other alternative explanations
In this section, we examine other possible explanations for our results.
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6.6.1. Mean-reversion in acquiring firm's announcement returns
An alternative explanation for our findings is that announcement returns to the acquiring
firm follow a mean-reverting process. Acquirers that had a bad draw in a prior acquisition are
more likely to recognize goodwill impairment, and hence more likely to get a good draw in the
current acquisition. To address this concern, we show that even after accounting for meanreversion, the announcement returns for the treatment group of acquirers are higher than those
for the control group of acquirers.
First, we regress acquirer's CAR for the current deal on acquirer's CAR for the prior deal
to estimate the degree of mean reversion in our sample. The result is shown in column 1 of panel
C, Table 11. Next, we use the estimated degree of mean reversion to predict acquirer's CAR for
the current deal. We subtract the predicted CAR from the actual CAR to compute acquirer's
adjusted CAR for the current deal. The adjusted CAR represents announcement returns above
those predicted by the mean reverting process estimated in column 1. Columns 2 and 3 of panel
B report the results from regressions of adjusted CAR on acquiring firm and deal characteristics.
The results suggest that after accounting for mean-reversion, the announcement returns for the
treatment group of acquirers are higher by 1.8% to 2% those for other acquirers. Also, mean
reversion cannot explain the cross-sectional evidence that announcement returns are higher for
the treatment group of acquirers with stronger governance mechanisms and for prolific acquirers.
Furthermore, mean reversion does not explain why the treatment group of acquirers are less
likely to overpay, more likely to select high quality targets, and take longer time in conducting
due diligence.
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6.6.2. Correction in acquirer's overvaluation
Alternatively, goodwill impairment may manifest after correction in the acquiring firm's
overvaluation. Firms undertake systematically worse acquisitions if they are overvalued (Gu and
Lev, 2011; Fu, Lin, and Officer 2013) and conversely make relatively better acquisitions after
recording goodwill impairment. To address this concern, first, we focus on the subsample of all
cash deals, as acquirer's overvaluation cannot be the driving factor behind all cash deals. We
include acquirer fixed effects and hence, the estimated effects capture variation within the same
acquirer undertaking all cash deals. Panel C of Table 11 presents the evidence. We find that the
announcement returns are higher by 1.7% for the treatment group of acquirers than for the
control group of acquirers, suggesting that stock overvaluation does not fully explain our results.
Second, in Panel D of Table 11, we investigate the overvaluation hypothesis by including
fixed effects for each (industry, year) pair, which account for industry specific booms and busts.
In this regression, all the variation arises within the same (industry, year) pair. Consistent with
the prior results, we find that the announcement returns are higher by 1.6% for the treatment
group of acquirers than for the control group of acquirers. Since in addition to including fixed
effects for each (industry, year) pair, we control for Tobin's Q, differences in relative
overvaluation (undervaluation) of the treatment group of acquirers and the control group of
acquirers are unlikely to drive our findings.
6.6.3. Effect of differences in CEO compensation
Finally, we examine whether differences in CEO compensation structure drive our
results. Panel E of Table 11 reports the CAR results for the full sample of acquirers with controls
for acquiring firm CEO’s compensation structure. We control for delta (pay-performance
sensitivity), vega (risk taking incentive) and firm-related wealth (inside equity). In additional
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tests, we also control for salary, and bonus as a fraction of salary. The results suggest that
differences in compensation-based incentives do not explain our findings. Overall, we infer that
firms learn after M&A failures to undertake acquisitions that generate better performance.

7. CONCLUSION
Do firms learn and undertake actions to avoid repeating their past mistakes? While
theories of organizational learning postulate that firms may learn from their past behavior, this
question has not received much attention in the literature. In this paper, we provide evidence that
firms learn and minimize chances of repeating their past mistakes and undertake future
acquisitions that generate higher returns. We focus on M&A because it constitutes one of the
largest forms of corporate investment with the potential to significantly impact shareholder
value. However, there are several other contexts where organizational learning following past
failures can affect subsequent corporate policies. For example, multinational firms that venture
into new geographical markets can learn from past failures in such initiatives and avoid repeating
their earlier mistakes. Similarly, past mistakes with respect to CEO appointments, new product
launches, innovation, joint ventures and strategic alliances, advertisement campaigns, venture
capital financing, etc. offer fertile grounds where organizational changes to avoid repeat mistakes
may be involved. We hope that our study would generate interest among researchers to study
how such learning and changes undertaken to avoid past mistakes affects shareholder value.
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Appendix A: Variable Definitions
Variable
Treatment acquirer
(dummy)
Firm size
MVE
Tobin’s Q
Firm age
Free cash flow
Leverage
Stock run-up

Classified board (dummy)
E-Index
Analysts
CEO Turnover

Salary
Bonus
Delta
Vega
Firm related wealth
CAR(-1,1)

∆ ROA

∆ CFO

Acquisition premium

Diversify (dummy)
Public target (dummy)
Private target (dummy)
All-cash deal (dummy)
All-stock deal (dummy)
Days between deal
Relative deal size

Description with Compustat data items
One if the firm reports goodwill impairment [GDWLIA] in any of the three years prior
to the current M&A deal.
Log of book value of total assets at the beginning of year [AT].
Market value of equity calculated as shares outstanding* stock price at the beginning
of year [CSHO*PRCC_F].
Market value of assets (total book value of assets minus book value of equity plus
market value of equity) over book value of assets [(AT – CEQ + MVE) / AT].
The number of years a firm is listed on the CRSP database prior to current bid.
Cash flow from operations – capital expenditure, scaled by book value of total assets
[(OANCF – CAPX)/AT].
Book value of debt divided by book value of assets [(DLC + DLTT)/AT].
Acquirer's buy-and-hold market adjusted abnormal stock returns estimated over the
event window (-210,-11), where day zero is the day of the merger announcement and
CRSP value–weighted return is used as a proxy for the market return.
One if the firm has a classified board and zero otherwise.
Entrenchment index based on Bebchuk, Cohen, and Ferrell (2009).
Number of analysts following the firm.
CEO turnover equals 0 if the current CEO was also the CEO of the same company 5
years ago, and 1 otherwise. We require the firms to be in the sample for at least 5
years.
Salary of the CEO from ExecuComp.
Bonus of the CEO from ExecuComp.
Delta (pay-performance sensitivity) of the CEO from Lalitha Naveen's website.
Vega (risk-taking incentives) of the CEO from Lalitha Naveen's website.
Firm-related wealth (inside equity) of the CEO from Lalitha Naveen's website.
3-day cumulative abnormal returns for the acquirer, calculated using the market model
estimated over the event window (-210,-11), where day zero corresponds to the day the
merger is announced. CRSP value–weighted return is used as a proxy for the market
return.
ROAt+3- ROAt-3, where ROA is income before extraordinary items and goodwill
impairment, scaled by total assets [(IB – GDWLIA)/AT], ROAt+3 is the average ROA
measured from year t+1 to t+3, and ROAt-3 is the average ROA measured from year t3 to t-1..
CFOt+3- CFOt-3, where CFO is cash flow from operations, scaled by total assets
[OANCF/AT], CFOt+3 is the average CFO measured from year t+1 to t+3, and CFOt-3
is the average CFO measured from year t-3 to t-1.
Cumulative abnormal returns for the target from day -42 to the delisting date or to day
126 relative to the using the announcement date, calculated using market model
estimated over the event window (-210,-11), where day zero corresponds to the day the
merger is announced. CRSP value–weighted return is used as a proxy for the market
return.
One if the acquirer and the target are in different Fama-French 48 industries and zero
otherwise.
One if the firm acquires a publicly held target and zero otherwise.
One if the firm acquires a privately held target and zero otherwise.
One if the deal is purely cash-financed and zero otherwise.
One if the deal is purely financed by stocks and zero otherwise.
The number of days between two consecutive acquisitions announced by a same
acquirer
Deal value scaled by the bidder’s market capitalization 11 day before the
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Industry M&A

High-tech (dummy)
Cross border (dummy)

announcement date.
The value of all corporate control transactions (more than $1 million) reported by SDC
for each Fama-French 48 industry and year divided by the total book value of assets of
all the Compustat firms in the same industry and year.
One if the acquirer and the target operate in both high-tech industry (as defined by
Loughran and Ritter, 2004) and zero otherwise
One if the target is a non-US firm and zero otherwise.
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Table 1: Sample Distribution by Announcement Year
This table presents the sample distribution by the calendar year of acquisition announcement for the number of
acquisitions completed, median deal value, median acquirer market capitalization, relative deal size, number of the
acquirers in the treatment group of (firms reporting goodwill impairment in any of the three years prior to the current
deal), and median goodwill impairment loss. The sample consists of 10,298 completed U.S. acquisitions between
2001 and 2012. We obtain the initial sample of acquisitions from Thomson Financial’s Securities Data Company
(SDC) Platinum database. Our final sample includes all completed acquisitions subject to the following selection
criteria: (1) the acquirer makes at least two acquisitions during the sample period, (2) the deal value disclosed in
SDC is greater than $1million, (3) the acquirer controls less than 50% of the target's shares prior to the
announcement and owns 100% of the target's shares after the transaction, (4) the acquirer is publicly traded and has
stock return and financial data available from CRSP and Compustat, respectively.
Year

Number of
acquisitions

Percentage
of sample

Median deal
value
($ Million)

Acquirer’s
median MVE
($ Million)

Relative
deal size

Number of
acquirers in the
treatment
group(firms
reporting GWI)

Median
GWI
($ Million)

2001
2002
2003
2004
2005
2006
2007
2008
2009
2010
2011
2012
Total

827
869
877
1,054
1,120
1,098
1,003
683
507
704
754
802
10,298

8.03%
8.44%
8.52%
10.23%
10.88%
10.66%
9.74%
6.63%
4.92%
6.84%
7.32%
7.79%
100.00%

39.80
29.60
35.00
40.66
35.24
46.48
45.00
42.00
40.00
62.00
55.40
54.70
42.00

989.42
717.62
987.45
1029.52
932.90
1264.12
1085.90
718.25
1308.30
1519.70
1243.40
1364.19
1074.75

4.29%
4.63%
3.55%
4.19%
4.00%
3.59%
4.19%
6.43%
3.37%
3.94%
4.48%
4.04%
4.10%

86
88
53
60
51
63
44
135
43
45
59
44
771

-32.57
-14.30
-12.16
-7.96
-6.78
-9.62
-15.23
-60.84
-9.65
-4.78
-12.35
-16.25
-16.54
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Table 2: Descriptive Statistics
This table presents descriptive statistics for acquirer and deal characteristics as defined in Appendix A. The treatment group of acquirers corresponds to those
acquirers that report goodwill impairment in any of the three years prior to the current M&A deal. The control group of acquirers corresponds to the remaining
acquirers. The significance of the differences in the means (medians) between the treatment and control group of acquirers is based on t-statistics (z-statistics)
from two-tailed t-tests (Wilcoxon tests). All continuous explanatory variables are winsorized at top and bottom 1% to mitigate the effect of outliers. ***, **, and
* correspond to 1%, 5%, and 10% significance levels, respectively.
Mean
Acquirer characteristics
Total Assets ($ Billions)
MVE ($ Billions)
Tobin’s Q
Firm age (years)
Free cash flow
Leverage
Stock run-up
Classified board
E-Index
Analysts

12.0715
7.7478
1.9937
17.9300
0.0343
0.2282
0.0158
0.5614
1.9674
3.7793

Full Sample
Median SD
0.9681
1.0748
1.5579
12.0000
0.0480
0.1928
0.0232
1.0000
2.0000
2.0000

84.6224
26.8390
1.2785
14.9841
0.1100
0.2029
0.5426
0.4963
1.3094
5.6903

The treatment group of acquirers (A)
Mean
Median
SD

The control group of acquirers (B)
Mean
Median
SD

Difference (A-B)
Mean
Median

9.2239
8.5493
1.8462
20.1330
0.0315
0.2152
0.0147
0.5739
1.9633
4.6843

12.5756
7.6059
2.0198
17.5400
0.0348
0.2305
0.0160
0.5587
1.9683
3.6190

-3.3517
0.9434
-0.1736***
2.5930***
-0.0034***
-0.0153***
-0.0013
0.0152
-0.0050
1.0653***

1.4478
1.4327
1.4713
14.0000
0.0465
0.1856
0.0232
1.0000
2.0000
2.0000

53.8210
22.9588
1.1085
15.6117
0.1117
0.1979
0.5823
0.4948
1.2720
6.9111

0.9133
1.0422
1.5708
12.0000
0.0480
0.1972
0.0232
1.0000
2.0000
2.0000

88.9644
27.4677
1.3046
14.8371
0.1097
0.2037
0.5353
0.4966
1.3176
5.4306

0.5345***
0.3905***
-0.0995***
2.0000***
-0.0015
-0.0115***
0.0000
0.0000
0.0000
0.0000***
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Deal Characteristics
CAR(-1,1)
∆ ROA
∆ CFO
Acquisition premium
Diversify
Public target
Private target
Subsidiary target
All-cash deal
All-stock deal
Days between deals
Relative deal size
Industry M&A
High-tech
Cross border

0.0073
-0.0099
-0.0021
0.4387
0.4238
0.1075
0.5185
0.1770
0.4578
0.0619
589.9485
0.1072
0.0050
0.2263
0.1872

0.0040
-0.0191
-0.0069
0.3664
0.0000
0.0000
1.0000
0.0000
0.0000
0.0000
313.0000
0.0410
0.0024
0.0000
0.0000

0.0538
0.1166
0.0715
0.5312
0.4942
0.3098
0.4997
0.3817
0.4982
0.2409
729.0007
0.1758
0.0102
0.4184
0.3901

0.0219
0.0263
0.0127
0.2122
0.3460
0.0891
0.5462
0.1982
0.5746
0.0433
682.3040
0.1038
0.0048
0.2957
0.2279

0.0163
-0.0084
0.0041
0.1669
0.0000
0.0000
1.0000
0.0000
1.0000
0.0000
388.0000
0.0373
0.0023
0.0000
0.0000

0.0586
0.1715
0.0780
0.5391
0.4759
0.2850
0.4980
0.3988
0.4946
0.2035
737.7961
0.1790
0.0064
0.4565
0.4196

0.0047
-0.0163
-0.0049
0.4768
0.4375
0.1108
0.5137
0.1733
0.4371
0.0652
572.9928
0.1078
0.0050
0.2140
0.1800

0.0020
-0.0202
-0.0089
0.3954
0.0000
0.0000
1.0000
0.0000
0.0000
0.0000
299.5000
0.0418
0.0024
0.0000
0.0000

0.0524
0.1025
0.0699
0.5207
0.4961
0.3138
0.4998
0.3785
0.4961
0.2468
726.1472
0.1752
0.0107
0.4101
0.3842

0.0172***
0.0426***
0.0177***
-0.2646***
-0.0915***
-0.0217**
0.0325**
0.0249**
0.1375***
-0.0219***
109.3112***
-0.0040***
-0.0002
0.0817***
0.0479***

0.0143***
0.0118***
0.0130***
-0.2285***
0.0000***
0.0000**
0.0000**
0.0000**
1.0000***
0.0000***
88.5000***
-0.0045***
-0.0001
0.0000***
0.0000***
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Table 3: Learning from Bad Acquisitions and Acquirer Announcement Returns
This table reports results from regressions of acquirer's stock market reaction to acquisition announcement on the
treatment acquirer (dummy) as well as acquiring firm and deal characteristics. The dependent variable equals the
cumulative abnormal return of the acquirer from one day before to one day after the date when the merger is
announced. The abnormal return is calculated using the market model. The market model parameters are estimated
using two hundred trading days of return data ending 11 days before the merger announcement. The CRSP valueweighted return is used as a proxy for the market return. The independent variables are as defined in Appendix A.
The t-statistics reported in parentheses are based on standard errors adjusted for heteroskedasticity and acquirer
clustering. Regressions control for year and firm/industry fixed effects. ***, **, and * denote significance at 1%,
5%, and 10%, respectively.
(1)

CAR(-1,+1)

(2)

CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Treatment acquirer (dummy)
Previous deal CAR
Ln(Total Assets)
Tobin’s Q
Firm age
Free cash flow
Leverage
Stock run-up
Diversify (dummy)
Public (dummy)
Private (dummy)
Subsidiary (dummy)
All-cash (dummy)
All-stock (dummy)
All-cash*Private (dummy)
All-cash*Public (dummy)
All-cash*Subsidiary (dummy)
All-stock*Private (dummy)
All-stock*Public (dummy)
Relative deal size
Industry M&A
High-tech (dummy)
Cross border (dummy)

0.0184***
0.0505***
-0.0016***
0.0011*
-0.0000
-0.0020
0.0182***
0.0019
-0.0027*
-0.0229***
0.0075***
-0.0002
0.0051**
-0.0083*
-0.0017
0.0227***
0.0021
0.0011
0.0055
0.0189***
0.0556
0.0005
-0.0014

(9.6195)
(3.5538)
(-4.1019)
(1.6648)
(-0.3163)
(-0.2774)
(5.0584)
(1.2701)
(-1.7946)
(-6.1672)
(3.7001)
(-0.0743)
(2.0086)
(-1.7290)
(-0.5811)
(5.2069)
(0.6037)
(0.1753)
(0.6962)
(3.1556)
(0.9383)
(0.2184)
(-0.9836)

0.0182***
-0.1548***
-0.0035
0.0017
-0.0033
0.0180
0.0092
0.0018
-0.0033
-0.0170***
0.0093***
0.0001
0.0054
0.0016
-0.0005
0.0191***
0.0042
-0.0101
-0.0088
0.0152
0.4498**
-0.0009
-0.0012

(5.5049)
(-7.9644)
(-1.2575)
(0.9833)
(-1.4046)
(0.8589)
(0.8016)
(0.8051)
(-1.4860)
(-3.0423)
(3.2257)
(0.0257)
(1.5416)
(0.2610)
(-0.1313)
(2.9512)
(0.9099)
(-1.2595)
(-0.8607)
(1.4878)
(2.3988)
(-0.2223)
(-0.6158)

Industry fixed effects
Acquirer fixed effects
Year fixed effects
N
Adjusted R2

Yes
No
Yes
8,016
0.0725

No
Yes
Yes
8,023
0.4216
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Table 4: Learning from Bad Acquisitions and Changes in Operating Performance after
Acquisition
This table reports results from regressions of post acquisition operating performance on the treatment acquirer
(dummy) as well as acquiring firm and deal characteristics. The dependent variable is ∆ROA and ∆CFO in columns
1 and 2, respectively. ∆ROA and ∆CFO are calculated following Francis and Martin (2010). These variables as well
as the independent variables are as defined in Appendix A. The t-statistics reported in parentheses are based on
standard errors adjusted for heteroskedasticity and acquirer clustering. Regressions control for year and industry
fixed effects. ***, **, and * denote significance at 1%, 5%, and 10%, respectively.
(1) ∆ROA
Coefficient t-stat

(2) ∆CFO
Coefficient t-stat

Treatment acquirer (dummy)
Previous deal CAR
Ln(Total Assets)
Tobin’s Q
Firm age
Free cash flow
Leverage
Stock run-up
Diversify (dummy)
Public (dummy)
Private (dummy)
Subsidiary (dummy)
All-cash (dummy)
All-stock (dummy)
All-cash*Private (dummy)
All-cash*Public (dummy)
All-cash*Subsidiary (dummy)
All-stock*Private (dummy)
All-stock*Public (dummy)
Relative deal size
Industry M&A
High-tech (dummy)
Cross border (dummy)

0.0341***
0.0168
0.0069***
0.0152***
0.0000
-0.2813***
-0.0022
0.0082*
-0.0028
0.0032
0.0083
0.0040
0.0003
-0.0088
0.0014
0.0025
0.0011
0.0031
-0.0026
-0.0232
-0.4123
0.0184**
-0.0092*

0.0154***
-0.0040
0.0012
0.0068***
0.0000
-0.2437***
0.0031
0.0031
-0.0003
-0.0028
0.0005
-0.0002
-0.0053
-0.0036
0.0072
-0.0017
0.0026
-0.0050
-0.0058
-0.0102
-0.2929*
0.0029
-0.0039

Industry fixed effects
Year fixed effects
N
Adjusted R2

Yes
Yes
5,082
0.1753

(3.2201)
(0.4137)
(3.7191)
(3.4118)
(0.0623)
(-4.8567)
(-0.1504)
(1.8872)
(-0.7399)
(0.3429)
(1.5111)
(0.6505)
(0.0428)
(-0.8578)
(0.1805)
(0.2417)
(0.1239)
(0.1823)
(-0.1727)
(-1.3462)
(-1.1025)
(2.5613)
(-1.9601)

(3.7911)
(-0.1666)
(1.0879)
(3.5054)
(0.2543)
(-8.0598)
(0.3413)
(1.1394)
(-0.1157)
(-0.3997)
(0.1399)
(-0.0648)
(-1.3745)
(-0.5238)
(1.6081)
(-0.2225)
(0.5084)
(-0.4271)
(-0.4990)
(-1.0577)
(-1.9080)
(0.6634)
(-1.4949)

Yes
Yes
4,828
0.1469

47

Table 5: Learning from Bad Acquisitions and Acquisition Premium
This table reports results from regressions of acquisition premium on the treatment acquirer (dummy) as well as
acquiring firm and deal characteristics. The sample is restricted to only the publicly listed targets, which have
accounting data available in Compustat and stock return data on CRSP. The dependent variable equals the
acquisition premium AP, calculated following Schwert (1996). All variables are as defined in Appendix A. The tstatistics reported in parentheses are based on standard errors adjusted for heteroskedasticity and acquirer clustering.
Regressions control for year and firm/industry fixed effects. ***, **, and * denote significance at 1%, 5%, and 10%,
respectively.
(1) AP
Coefficient t-stat

(2) AP
Coefficient t-stat

Treatment acquirer (dummy)
Previous deal CAR
Ln(Total Assets)
Tobin’s Q
Firm age
Free cash flow
Leverage
Stock run-up
Diversify (dummy)
All-cash (dummy)
All-stock (dummy)
Relative deal size
Industry M&A
High-tech (dummy)
Cross border (dummy)

-0.2719***
0.1234
-0.0546***
-0.0274
0.0019
-0.4405*
0.1182
-0.0411
0.0526
0.0468
-0.0467
-0.4183***
0.4906
0.0523
-0.1174

-0.5487***
0.1154
-0.2027
-0.0750
0.0102
-1.4432
-1.4737
-0.1066
0.1406
0.0704
-0.1194
-1.1359***
5.6802
0.6220
-0.0726

Industry fixed effects
Acquirer fixed effects
Year fixed effects
N
Adjusted R2

Yes
No
Yes
581
0.2301

(-4.6239)
(0.2557)
(-3.0128)
(-1.1634)
(0.9986)
(-1.7567)
(0.5602)
(-0.6443)
(1.0470)
(0.8254)
(-0.8260)
(-3.3894)
(0.1581)
(0.6241)
(-1.4002)

(-3.1031)
(0.0560)
(-0.8535)
(-0.6168)
(0.2343)
(-1.0165)
(-1.3892)
(-0.6072)
(0.8228)0
(0.3226)
(-0.6266)
(-2.6962)
(0.2573)
(1.2793)
(-0.1975)

No
Yes
Yes
581
0.8064
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Table 6: Learning from Bad Acquisitions and Target Characteristics
This table presents results from estimating the logit model for the type of acquisition. The dependent variable in
columns 1–3 equals a dummy variable equal to one if the target is in a different Fama French 48 industry, if the
target is a private firm, and if the target is a public firm, respectively. The independent variables are as defined in
Appendix A. The z-statistics reported in parentheses are based on standard errors adjusted for heteroskedasticity and
acquirer clustering. Regressions control for year and acquirer fixed effects. ***, **, and * denote significance at 1%,
5%, and 10%, respectively.
(1) Diversify
Coefficient
z-stat

(2) Private
Coefficient
z-stat

(3) Public
Coefficient
z-stat

Previous deal CAR

-0.4525***
-0.2737

(-3.5629)
(-0.5119)

0.2396***
0.4899

(2.7395)
(1.0439)

-0.2296*
-0.4642

(-1.7193)
(-0.5838)

Ln(Total Assets)

-0.0923***

(-3.5384)

-0.2556***

(-9.7553)

0.2724***

(6.7613)

Tobin’s Q
Firm age

0.0117
0.0130***

(0.2935)
(4.2292)

0.0618*
-0.0003

(1.8472)
(-0.1111)

0.0238
0.0099**

(0.4800)
(2.5119)

Free cash flow

-0.2995

(-0.7515)

0.5542*

(1.6648)

-1.1140*

(-1.9191)

Leverage
Stock run-up

0.2416
0.0354

(1.0162)
(0.6153)

-0.0037
-0.0425

(-0.0204)
(-0.8395)

-1.4497***
0.1197

(-4.0702)
(1.5055)

Relative deal size

-0.7670***

(-3.7909)

-2.0510***

(-9.9906)

3.2388***

(15.0687)

Industry M&A

20.3838***

(3.4561)

-2.3774

(-1.0181)

2.4798

(0.6518)

High-tech (dummy)

-1.4115***

(-8.9440)

0.2340***

(2.6211)

0.6183***

(3.6632)

Cross border (dummy)

0.0077

(0.0900)

-0.1955**

(-2.5177)

-0.3589***

(-2.7517)

Industry dummies

Yes

Yes

Yes

Year fixed effects

Yes

Yes

Yes

N

8,005

8,005

7,914

0.2188

0.0782

0.1619

Treatment acquirer (dummy)

PesudoR

2
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Table 7: Learning from Bad Acquisitions and Days between Deals
This table reports results from regressions of days between acquisitions on the treatment acquirer (dummy) as well
as acquiring firm and deal characteristics. The dependent variable equals the days between deals, calculated as
number of days between two consecutive acquisitions by the same acquirer. All variables are as defined in Appendix
A. The t-statistics reported in parentheses are based on standard errors adjusted for heteroskedasticity and acquirer
clustering. Regressions control for year and firm/industry fixed effects. ***, **, and * denote significance at 1%,
5%, and 10%, respectively.
(1) Days between deals
Coefficient
t-stat

(2) Days between deals
Coefficient
t-stat

Treatment acquirer (dummy)
Previous deal CAR
Ln(Total Assets)
Tobin’s Q
Firm age
Free cash flow
Leverage
Stock run-up
Diversify (dummy)
Public (dummy)
Private (dummy)
Subsidiary (dummy)
All-cash (dummy)
All-stock (dummy)
All-cash*Private (dummy)
All-cash*Public (dummy)
All-cash*Subsidiary (dummy)
All-stock*Private (dummy)
All-stock*Public (dummy)
Relative deal size
Industry M&A
High-tech (dummy)
Cross border (dummy)

91.2534***
-53.5749
-24.0706***
-20.7439***
4.0261***
104.4768
-159.9939***
-15.5069
-51.6236***
-33.2186
-75.8131***
-20.0864
-21.1776
-51.3593
35.1355
64.6439
2.0812
100.8491
97.1737
260.1602***
-1,487.2269***
8.8196
5.7901

128.1113***
-301.9576***
-150.3372***
-12.8096
-22.4088
218.3505**
31.5542
-10.3153
11.7043
-18.1587
-4.3594
10.7393
-0.8686
-0.3184
-24.7891
37.1461
-4.8826
-34.6049
7.8464
21.8564
-2,403.8096*
-19.2620
-24.0802

Industry fixed effects
Acquirer fixed effects
Year fixed effects
N
Adjusted R2

Yes
No
Yes
8,016
0.1587

(4.1614)
(-0.4301)
(-4.1618)
(-2.6899)
(5.3649)
(1.3308)
(-3.3390)
(-1.3196)
(-3.2952)
(-0.9393)
(-3.1672)
(-0.6411)
(-0.7597)
(-0.9794)
(1.0953)
(1.3330)
(0.0504)
(1.4615)
(1.3157)
(5.2414)
(-3.2376)
(0.3964)
(0.3500)

(6.1206)
(-2.6931)
(-8.8468)
(-1.2658)
(-0.4707)
(2.0597)
(0.4394)
(-0.8758)
(0.7652)
(-0.4695)
(-0.1968)
(0.3951)
(-0.0334)
(-0.0065)
(-0.8250)
(0.7690)
(-0.1332)
(-0.5537)
(0.1105)
(0.4687)
(-1.6820)
(-0.6825)
(-1.4834)

No
Yes
Yes
8,023
0.6145
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Table 8: Learning from Bad Acquisitions and Corporate Governance
This table reports results from regressions of acquirer's stock market reaction to acquisition announcement on the
treatment acquirer (dummy) as well as acquiring firm and deal characteristics with additional controls for internal
governance mechanisms and analyst following. The dependent variable equals the cumulative abnormal return of the
acquirer from one day before to one day after the date when the merger is announced. The abnormal return is
calculated using the market model. The market model parameters are estimated using two hundred trading days of
return data ending 11 days before the merger announcement. The CRSP value-weighted return is used as a proxy for
the market return. The independent variables are as defined in Appendix A. The t-statistics reported in parentheses
are based on standard errors adjusted for heteroskedasticity and acquirer clustering. Regressions control for firm and
deal characteristics included in table 3, and year and industry fixed effects (unreported). ***, **, and * denote
significance at 1%, 5%, and 10%, respectively.
(1) CAR(-1,+1)
Coefficient

t-stat

Treatment acquirer (dummy)
Previous deal CAR
Treatment acquirer *Classified Board
Classified board (dummy)
Treatment acquirer *E-Index
E-Index
Treatment acquirer *Analysts
Analysts

0.0255***
0.0294
-0.0160***
-0.0066***

(8.2643)
(1.4835)
(-3.9921)
(-3.9123)

Acquirer and deal controls
Industry fixed effects
Year fixed effects
N
Adjusted R2

Yes
Yes
Yes
4,041
0.1105

(2) CAR(-1,+1)
Coefficient
t-stat

(3) CAR(-1,+1)
Coefficient
t-stat

0.0273***
0.0292

(7.7179)
(1.4842)

0.0155***
0.0508***

(6.7334)
(3.5719)

-0.0053***
-0.0043***

(-3.4613)
(-5.5321)
0.0006***
0.0004***

(2.9207)
(2.9606)

Yes
Yes
Yes
4,041
0.1124

Yes
Yes
Yes
8,016
0.0617
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Table 9: Learning from Bad Acquisitions and Prolific Acquirers
This table reports results from regressions of acquirer's stock market reaction to acquisition announcement on the treatment acquirer (dummy) as well as
acquiring firm and deal characteristics. The dependent variable equals the cumulative abnormal return of the acquirer from one day before to one day after the
date when the merger is announced. The abnormal return is calculated using the market model. The market model parameters are estimated using two hundred
trading days of return data ending 11 days before the merger announcement. The CRSP value-weighted return is used as a proxy for the market return. The
independent variables are as defined in Appendix A. The t-statistics reported in parentheses are based on standard errors adjusted for heteroskedasticity and
acquirer clustering. Regressions control for firm and deal characteristics included in table 3, and year and firm/industry fixed effects (unreported). ***, **, and *
denote significance at 1%, 5%, and 10%, respectively.
(1) CAR(-1,+1)

(2) CAR(-1,+1)

(3) CAR(-1,+1)

(4) CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

Treatment acquirer (dummy)

0.0159***

(6.3442)

0.0140***

(3.7139)

0.0138***

(4.8455)

0.0106**

(2.4807)

Previous deal CAR

0.0504***

(3.5510)

-0.1542***

(-7.9813)

0.0488***

(3.4303)

-0.1572***

(-8.1392)

Deal order number >= 2 (dummy)

-0.0083***

(-6.4834)

-0.0103***

(-6.1783)

Treatment acquirer*Deal order number >= 2

0.0056*

(1.6676)

0.0097**

(2.3365)

Deal order number

-0.0030***

(-4.1073)

-0.0040***

(-3.8446)

Treatment acquirer*Deal order number

0.0026**

(2.5611)

0.0043***

(3.3361)

Acquirer and deal controls

Yes

Yes

Yes

Yes

Industry fixed effects

Yes

No

Yes

No

Acquirer fixed effects

No

Yes

No

Yes

Year fixed effects

Yes

Yes

Yes

Yes

N

8,016

8,023

8,016

8,023

0.0772

0.4265

0.0745

0.4242

Adjusted R

2
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Table 10: Learning from Bad Acquisitions and CEO Turnover
This table reports results from regressions of acquirer's stock market reaction to acquisition announcement on the treatment acquirer (dummy) as well as
acquiring firm and deal characteristics. The dependent variable equals the cumulative abnormal return of the acquirer from one day before to one day after the
date when the merger is announced. The abnormal return is calculated using the market model. The market model parameters are estimated using two hundred
trading days of return data ending 11 days before the merger announcement. The CRSP value-weighted return is used as a proxy for the market return. The
independent variables are as defined in Appendix A. Column 1 reports the results for the subsample of firms where there has been a CEO turnover in the last 5
years. Column 2 reports the results for the subsample of firms where there has been no CEO turnover in the last 5 years. Column 3 reports the results for the full
sample of firms with control for CEO turnover. Column 4 reports the results from the acquiring firm times CEO fixed effect regression model. Column 5 reports
the results from the CEO fixed effect regression model. The t-statistics reported in parentheses are adjusted for heteroskedasticity and acquirer clustering.
Regressions control for firm and deal characteristics included in table 3, and year and firm/industry fixed effects (unreported). ***, **, and * denote significance
at 1%, 5%, and 10%, respectively.
(1) CAR(-1,+1)

(2) CAR(-1,+1)

(3) CAR(-1,+1)

(4) CAR(-1,+1)

(5) CAR(-1,+1)

Coeff

Coeff

Coeff

Coeff

Coeff

t-stat

Turnover=1
Treatment acquirer (dummy)

0.0154***

t-stat

Turnover=0
(2.9338)

0.0248***

t-stat

All
(4.6073)

t-stat

All

0.0239***

(5.61)

CEO Turnover (dummy)

-0.0009

(-0.3388)

Treatment acquirer * CEO Turnover

-0.0085*

(-1.8108)

0.0183***

t-stat

All
(4.5573)

0.0186***

Acquirer and deal controls

Yes

Yes

Yes

Yes

Yes

CEO fixed effects

No

No

No

No

Yes

Acquirer fixed effects

Yes

Yes

Yes

No

No

Acquirer x CEO fixed effects

No

No

No

Yes

No

Year fixed effects

Yes

Yes

Yes

Yes

Yes

N

1948

2175

4123

5758

5758

Adjusted R2

0.4692

0.5287

0.3994

0.4374

0.4357

(4.689)
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Table 11: Robustness and Alternative Explanations
The table presents robustness tests and evidence on alternative explanations. Panel A reports results from
regressions of acquirer's stock market reaction to acquisition announcement on acquiring firm and deal
characteristics, conditioned on the frequency of goodwill impairment loss (GWI Count). Panel B reports robustness
results from regressions of acquirer's stock market reaction to acquisition announcement on prior deal's cumulative
announcement returns (CAR) with controls for acquiring firm and deal characteristics. Panel C presents evidence
addressing the alternative explanation of mean reversal in acquiring firm's CAR driving the results. Column 1
reports the results from regression of current deal's CAR on prior deal's CAR of the same acquirer. Columns 2 and 3
report the results from regressions of adjusted CAR of the current deal on acquiring firm and deal characteristics,
where adjusted CAR is defined as the CAR of the current deal minus the CAR predicted by the mean reversal
equation estimated in column 1. Panel D provides evidence addressing the concern that correction in acquirer's
overvaluation is driving the results. Column 1 presents the results for the subsample of all cash deals, while column
2 reports the results from the industry times year fixed effect regression model. Panel E presents evidence
addressing the concern that differences between the compensation structure of CEOs in the treatment group of
acquirers and those in the control group of acquirers are driving the results. The abnormal return is calculated using
the market model. The market model parameters are estimated using two hundred trading days of return data ending
11 days before the merger announcement. The CRSP value-weighted return is used as a proxy for the market return.
The independent variables are as defined in Appendix A. The t-statistics reported in parentheses are adjusted for
heteroskedasticity and acquirer clustering. Regressions control for firm and deal characteristics as included in table
3, and year fixed effects (unreported). ***, **, and * denote significance at 1%, 5%, and 10%, respectively.
Panel A: Impact of the frequency of goodwill impairment loss
(1) CAR(-1,+1)

(2) CAR(-1,+1)

(3) CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

Treatment acquirer (dummy)
GWI Count
Treatment acquirer*GWI Count

0.0194***

(2.9268)

0.0184*

(1.7146)

0.0165***
-0.0017
0.0036

(5.0570)
(-0.4866)
(0.9344)

Acquirer and deal controls
Acquirer fixed effects
Year fixed effects
N
Adjusted R2

Yes
Yes
Yes
1198
0.1598

Yes
Yes
Yes
302
0.4554

Yes
Yes
Yes
10,298
0.1272

Panel B: Prior Deal's CAR as a Proxy for Bad Acquisition
(1) CAR(-1,+1)

(2) CAR(-1,+1)

(3) CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

Previous deal’s CAR
Previous deal’s CAR <= P25 (dummy)
Previous deal’s CAR >= P75 (dummy)
Previous deal’s CAR <= P10 (dummy)
Previous deal’s CAR >= P90 (dummy)

-0.1517***

(-7.7488)
0.0090***
-0.0071***

(4.7576)
(-3.2238)
0.0160***
-0.0179***

(4.9573)
(-4.7646)

Acquirer and deal controls
Acquirer fixed effects
Year fixed effects
N
Adjusted R2

Yes
Yes
Yes
8,023
0.1795

Yes
Yes
Yes
8,023
0.1690

Yes
Yes
Yes
8,023
0.1763
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Panel C: Mean Reversion

Previous deal’s CAR

(1) CAR(-1,+1)

(2) Adjusted CAR(-1,+1)

(3) Adjusted CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

-0.146***

(-11.6117)
0.0200***

(9.6398)

0.0181***

(5.4866)

-0.0044

(-0.9470)

0.0841

(1.4665)

Treatment acquirer (dummy)
Constant

0.0073***

Acquirer and deal controls

No

Yes

Yes

Industry fixed effects

No

Yes

No

Acquirer fixed effects

Yes

No

Yes

Year fixed effects

No

Yes

Yes

N

8023

8410

8410

0.3978

0.063

0.221

Adjusted R

2

(13.6666)

Panel D: Correction in Acquirer's Overvaluation
(1) CAR(-1,+1)

(2) CAR(-1,+1)

Coefficient

Coefficient

t-stat

0.0162***

(8.7484)

t-stat

All Cash only
Treatment acquirer (dummy)

0.0173***

(4.3360)

Acquirer and deal controls

Yes

Yes

Industry x Year fixed effects

No

Yes

Acquirer fixed effects

Yes

No

Year fixed effects

Yes

No

N

4,626

10,298

Adjusted R2

0.4811

0.1108

Panel E: CEOs Compensation Structure
(1) CAR(-1,+1)

(2) CAR(-1,+1)

(3) CAR(-1,+1)

Coefficient

t-stat

Coefficient

t-stat

Coefficient

t-stat

Treatment acquirer (dummy)

0.0192***

(4.9842)

0.0195***

(5.0817)

0.0183***

(5.9509)

Delta/Assets

0.0028

(1.0816)

Vega/Assets

0.0269

(1.1053)
0.0019

(1.3948)

Bonus/(Bonus+Salary)

0.0114

(1.6344)

Log (Salary +Bonus)

-0.0016

(-0.4944)

Log Firm Specific Wealth

Acquirer and deal controls

Yes

Yes

Yes

Acquirer fixed effects

Yes

Yes

Yes

Year fixed effects

Yes

Yes

Yes

N

4,396

4,389

5,730

0.3851

0.3852

0.3553

Adjusted R

2
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